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2
choice 8395081 0.02 0.14 0 1
pm PM2.5 ( p,g/m3) 8395081 43.40 15. 86 6.72 94. 48
netincome ( /) 8395081 2.64 3.10 -60. 49 261.27
gdp GDP( ) 8395081 6.41 4.58 0.53 46.77
tersiary_gdp GDP (%) 8395081 | 42.78 11.08 9.76 77.95
pop ( ) 8395081 5.74 4.50 0.2 33.75
primary_teacher () 8395081 0.43 0.17 0.19 1. 50
book ) 8395081 1.16 1.62 0.02 14. 39
doctor () 8395081 0.28 0.15 0. 06 0. 87
bartik_index 8395081 0.07 0.10 -0.10 0.32
distance 8395081 7.72 5.70 0.12 36. 84
(100km)
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Summary: In recent years the serious problem of air pollution in China has attracted the attention of all communities.
More and more residents understand the health risks of air pollution and adopt avoidance behaviors. As labor mobility across
cities is increasing environmental quality including air quality has become a city’ s main feature to attract and retain
human capital. Therefore accurately estimating the effects of air pollution on migrants’ sorting behavior is of great
importance for policy. However only a few studies focus on this topic in the literature. Especially in China the lack of high
quality data on air pollution and labor mobility leads to limited empirical evidence. In addition previous research mainly
relies on municipal or provincial statistics rather than individual data which may lead to biases due to missing variables.

In this paper we first calculate the annual average PM2. 5 for each Chinese city using the Global Annual PM2. 5 Grids
from satellite data. Second we use data from the National Migrant Dynamics Monitoring Survey from 2011 to 2015 to
construct migrants’ location choice data. Based on the matching data on air quality and migrant population location and
abundant urban economic data we empirically investigate the effects of air pollution on the probability of migrant population
location using the conditional logit model. The results show the following.

First air pollution has a significantly negative effect on cities’ migrant inflows after controlling for net income cities’
economic attributes and amenities and the distance between hometown and destination city. Specifically an increase of 1
pg/m’ in the annual average PM2.5 concentration will lead to a 0.39 percentage point decrease in the probability of
migrants moving to the city. Second migrants are willing to pay RMB326 per month for a 1 pg/m’ decrease in the annual
PM2. 5 concentration calculated by comparing the effects of air pollution and net income on sorting behavior. During the
2011—2015 period the negative effects of increased air pollution on migrants inflows offset the positive effect of increased
net income. Third there are significant heterogeneous effects of air pollution between different population groups. Older
more educated and married people are more sensitive to air pollution. Men people with children and people of non—
agricultural origin also care more about air quality in their destination city. In contrast migrants whose hometown is highly
polluted are not very sensitive to air pollution. Workers in the agriculture forestry animal husbandry and fishery industry
are the most concerned about air quality while specialized technicians and production and transportation equipment
operators are the least sensitive. Finally we find significantly negative effects of air pollution on migrants’ health based on
data from the 2014 Migrants’ Social Health and Mental Health Survey which provides micro-evidence of the behavioral
mechanism of air pollution affecting the location choice of migrants.

The findings of this paper have implications for policy to attract human capital through environmental improvement and
to fully evaluate the social benefits of environmental investments. First with the intensification of talent competition
between regions many cities in China are eager to offer a talent introduction program trying to attract human capital
through higher income and better welfare. However the demand for environmental quality and other urban amenities cannot
be ignored. Although our research shows that an increase in net income can compensate the negative effects of air pollution
health risks cannot be eliminated by higher income. In the long term improving environmental quality will be more
effective in attracting human capital and promoting a high quality urbanization process. Second some research examines the
positive effects of environmental improvement on urban land prices. Our study provides a quantitative estimation of labor
market skills  which can help local governments accurately evaluate the benefits of investing in environmental treatment. In
addition these quantitative results provide scientific evidence for local governments making comprehensive urban planning.
Finally these heterogeneous conclusions have a high reference value for developing more reasonable and accurate policies.
Keywords: Air Pollution; Job Location Choice; PM2.5; Migrants; Conditional Logit Model
JEL Classification: Q53 Q56 R23
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